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A Multi-source Retrieval Augmented Generation Framework for Mobile
Customer Service

CHENG Luyi
(Big Data Center, Digital Intelligence Department , China Mobile Group Shanghai Co. , Ltd, Shanghai 200060, China)

Abstract: Retrieval-Augmented Generation (RAG) technology can reduce hallucination phenomena in large models and is crucial for apply-
ing large language models to scenarios with relatively low fault tolerance. In the field of mobile customer service, business rules, product infor-
mation, and other low—tolerance knowledge are often used to provide answers to users. However, this knowledge is scattered across different
knowledge bases, and existing methods fail to fully leverage the information from multiple diverse knowledge sources, resulting in low—quality
responses. To address this, the MCS-RAG framework is proposed, which employs two approaches—supervised fine—tuning and prompt engi-
neering of large language models—to enhance system response quality based on the distinct characteristics of retrieval queries and generated
answers. Experiments on the MobileCS2 dataset demonstrate that this framework outperforms baseline methods across all metrics, achieving a
BLEU-4 score of 20.58.
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Fig.1 Overall framework of MCS-RAG
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